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A B S T R A C T   

To date, research on social network sites (SNSs) has primarily focused on Facebook. Professionally oriented social 
network sites (P-SNSs), such as LinkedIn, have been under-researched in the information systems discipline. 
Additionally, little is known about the effects of important elements of SNSs (such as one’s profile) on social 
capital formation. As such, the main objective of this research is to propose and validate a model that explains the 
process by which individuals develop and accrue social capital through P-SNS use. This model draws upon social 
capital theory and social network analysis and is validated through a survey of 377 LinkedIn users. Our results 
find that (1) P-SNS users’ actions (perceived profile disclosure, active participation, and passive consumption) 
have significant positive effects on perceived social connectedness; (2) perceived social connectedness on P-SNSs 
has a significant positive effect on perceived networking value on these sites; (3) perceived profile disclosure and 
passive consumption have significant positive effects on network size; (4) active participation does not have any 
effect on network size, and (5) network size does not have a significant effect on perceived networking value. 
Overall, this investigation advances our understanding of how social capital is formed in P-SNSs. Additionally, 
this is the first study in the P-SNS context that investigates the role of the user profile in the social capital for
mation process, along with user actions of active participation and passive consumption. From a practical 
perspective, this study has implications for different audiences, such as job seekers, recruiters, and P-SNS pro
viders, assisting them in playing a more effective role in the social capital formation process on P-SNSs.   

1. Introduction 

Social network sites (SNSs) such as Facebook, LinkedIn, and Twitter 
are a new class of information technology that support interpersonal 
communication and collaboration using Internet-based platforms [40]. 
In recent years, we have witnessed the rapid diffusion of SNSs. As of July 
2020, more than 3.9 billion people, i.e., half of the world’s population, 
actively use SNSs, spending on average 140 min per day on these sites 
[30, 38]. Interestingly, SNSs usage is not limited to younger adults 
anymore, as was the case in the early adoption of such sites. From 2011 
to 2019, SNSs use by American adults ages 30–49 increased from 60% to 
82%, while for those ages 50–64, the increase was from 37% to 69%, and 
for those 65 and above, it was from 14% to 40% [68]. SNSs are also 
widely used among professionals. LinkedIn, as the world’s largest pro
fessionally oriented SNS (P-SNS) with more than 706 million members, 
now plays an important role in connecting professionals all around the 
world [58, 102]. Thus, SNSs have become part of our everyday lives, 

changing various aspects of our daily routines such as the way we 
communicate with each other, access information, develop relation
ships, and spend our free time [69, 79]. However, since the beginning of 
SNSs’ wide adoption in 2003 [11], the question of whether and how 
people can gain tangible benefits from using these sites has drawn the 
attention of scholars as well as policymakers. 

To respond to this question, a stream of information systems (IS) 
research has sought to understand the benefits of using SNSs under the 
framework of social capital and social network theories ([24, 25, 39, 81, 
92]). These theories explain how individuals’ actions to extend and 
diversify their social networks, as well as improve the quality of their 
relationships, can lead to access to new information, opportunities, 
perspectives, and increased social support. While some studies of SNSs 
showed relationships between the use of SNSs and negative outcomes 
such as loneliness [18], others have found positive relationships be
tween specific social activities such as network construction and content 
generation and social capital outcomes [14]. However, the extant SNSs 
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literature concerning social capital suffers from several gaps. 
First, most SNS research focuses on socially oriented social 

networking sites (S-SNSs), such as Facebook, which limits the depth and 
breadth of understanding of how social capital forms in SNSs [101]. 
While some aspects of the social capital formation process (e.g., resource 
exchange) may be more relevant to P-SNSs compared to S-SNSs, there 
are limited studies that investigate this process on such sites. In general, 
P-SNSs are under-researched in IS [6, 60, 102]. 

Second, current studies do not include the effects of one’s profile on 
the social capital formation process [27]. In P-SNSs, one’s profile is akin 
to an online resume and can help users to expand their professional 
networks by establishing a common ground for professional 
self-promotion. Very few studies have examined the impact of users’ 
profiles on these platforms (either S-SNS or P-SNS). 

Third, while many studies investigate the relationships between SNS 
use and social capital outcomes, only a few studies have considered the 
role of social capital sources [47]. Social capital sources lie in the 
structure and content of the social network and should be differentiated 
from social capital outcomes [56, 72, 86]. According to Lin [55, 56], 
social capital sources should be considered necessary and important 
antecedents to social capital outcomes. Sources of social capital, such as 
a larger network size or social connectedness, result from individuals’ 
actions or investments in their social networks ([54]; 2002). As such, the 
mediating role of social capital sources between user actions and social 
capital outcomes needs to be further understood [47]. 

Addressing these aforementioned gaps can increase the generaliz
ability of social capital research in digital environments. Moreover, with 
social distancing restrictions due to the ongoing COVID-19 pandemic, 
traditional face-to-face networking is more challenging, and thus 
developing social capital through the online world becomes more crit
ical for both individuals and organizations. It is likely that this will 
continue to be important in the post-pandemic era where there will be 
more emphasis and reliance on working from home and online profes
sional activities and networking [17, 22]. As individuals increasingly 
turn to online networking and perceive the value of social capital for
mation on P-SNS, they will place more emphasis on creating rich and 
complete profiles. This will help organizations to find the best candi
dates to meet their goals, which further increases the value of P-SNSs for 
organizations. This, in turn, will result in individuals’ placing further 
emphasis on their P-SNS social capital formation. It is expected that this 
cyclical relationship will become stronger and more important as virtual 
professional network development becomes more of the norm [17]. 
However, current measures of online social capital (bridging and 
bonding social capital) were originally developed for general Internet 
users [97] and may not be as relevant in today’s context of P-SNS. As 
such, there is a need to understand the P-SNS social capital formation 
process in a digitally focused professional network environment. Thus, 
the overarching question of this research is as follows: “What is the 
process by which individuals develop and accrue social capital on 
P-SNSs?” More specifically, this study aims to answer (1) How does user 
profile disclosure lead to accruing and developing social capital on 
P-SNSs via social capital sources? and (2) How do user actions on 
P-SNSs, such as active participation and passive consumption, lead to 
accruing and developing social capital on P-SNSs via social capital 
sources? 

2. Social networking sites 

When referring to SNSs, applications such as Facebook, Twitter, 
YouTube, WhatsApp, Pinterest, Instagram, and LinkedIn often come to 
mind [41]. These applications are driven by user-generated content and 
have re-established the dynamics and communication between and 
among individuals, organizations, and governments. Given the radical 
transformation of communication and the impact of SNSs on various 
stakeholders, these platforms have attracted the attention of researchers 
from diverse fields, including IS [41]. 

While several lenses and frameworks have been used to describe 
SNSs in IS, Karahanna et al. [42] provide a particularly robust 
affordance-based approach to understand action possibilities permitted 
by social media features. Through their comprehensive review of 21 
popular SNS applications, they identify 12 key social media affordances 
grouped into egocentric and allocentric categories. Egocentric affor
dances reflect action possibilities that tend to be solitary in nature and 
do not necessitate the involvement of others to be actualized, whereas 
allocentric affordances reflect action possibilities that are social in na
ture and, thus, necessitate the involvement of others. A prominent 
egocentric affordance of SNSs is self-presentation, which enables users 
to reveal and present information related to themselves [42]. 
Self-presentation allows SNS users to show what kind of people they are, 
what they value and like, as well as their experiences and expertise. This 
self-presentation affordance has also been labeled as identity by Kietz
mann et al. [45] and as identifiability by Halpern & Gibbs [35]. 

Self-presentation affordance can be provided by such features as 
one’s SNS profile [42]. It serves as the locus of interaction and represents 
the individual [10]. SNS profiles support relationship development as it 
is a venue through which users communicate their identity information 
(such as their hometown, current job, and education) and highlight their 
shared interests (such as favorite songs, artists, and hobbies). Sharing 
identity information and interests establishes common ground with 
other people so that relationships may be developed more easily. Ac
cording to Ellison & Vitak [27], one’s profile can be used as a “social 
lubricant, smoothing social interaction by highlighting commonalities 
and differences”. Thus, one’s SNS profile can be a powerful affordance to 
satisfy several motivations and needs, which may be both egocentric and 
allocentric in nature. This is highlighted by Karahanna et al. [42] 
through their mapping of psychological needs to social media affor
dances that satisfy those needs. From their list of 12 key social media 
affordances, self-presentation can fulfill the greatest number of 
self-focused and other-focused psychological needs. 

Despite its potential importance in understanding the SNS context, 
very few studies have examined the impacts of user profiles within these 
applications. To date, most IS research in this domain has focused on the 
behavioral side of social media, utilizing social media for user reviews, 
and the integration of social media for marketing and organizational 
purposes [41]. First, from a behavioral perspective, social media use 
behaviors and consequences have been investigated with emphasis on 
the dysfunctional consequences of addiction, stress, information over
load, among others (e.g., [88]). Second, user reviews of pro
ducts/services have been investigated for their authenticity and efficacy 
as well as their general influence on decision-making processes (e.g., 
[48]). Third, organizational use of social media has showcased the 
extent to which social media is being integrated into marketing strate
gies (e.g., [52]) and the impact of integrating social media within work 
roles (e.g., [99]). Regardless of the theme or focus, Kapoor et al. [41] 
highlight that IS social media studies during the past two decades have 
most frequently targeted the following platforms: Facebook, online 
communities, Twitter, Blogs, and YouTube. Professionally oriented sites, 
such as LinkedIn, have typically not been the lens for investigating SNS 
phenomena. Scholarly knowledge on P-SNS is limited, scattered, and 
tends to focus on efficacy in human resource management practice [73]. 

3. Theoretical framework 

The main objective of this study is to propose and validate a model 
that explains the process by which individuals develop and accrue social 
capital through the use of P-SNSs, such as LinkedIn. As such, the pro
posed research model draws upon the extant literature in social media 
(specifically SNSs), social capital theory (SCT) [20, 55, 56, 70], and 
social network analysis (SNA) [7, 15, 40]. While SCT explains how 
embedded resources (e.g., status, wealth, and power) and feelings of 
connectedness can affect the benefits that individuals can gain from 
their networks, SNA helps us to understand how individuals’ different 
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courses of action in the online context can affect those benefits. 

3.1. Social capital theory 

According to Coleman [20], social capital occurs in the relations 
among people. It exists in the form of the skills and knowledge acquired 
by a human and is far less tangible than physical capital, which exists in 
the form of observable material and human capital. Fukuyama [28] 
suggests that there is no consensus on a universal definition of social 
capital and explains it as “shared norms or values that promote social 
cooperation, instantiated in actual social relationships” ([28], p. 27). 
Putnam [71] defines social capital as “connections among individuals 
and the norms of reciprocity and trustworthiness that arise from them” 
(p.4). SCT provides a conceptual framework to understand human social 
behavior [21, 70] and posits that social networks have value [70]. Just 
like physical or human capital, social capital can increase the produc
tivity of individuals and groups. In Putnam’s (1993, 2000) conceptual
ization, social capital exists in two forms: (1) bridging social capital and 
(2) bonding social capital. While bridging social capital is associated 
with new information, diversity, inclusiveness, and broader identity, 
bonding social capital is linked to emotional support, solidarity, exclu
siveness, and in-group loyalty. 

Furthering earlier conceptualizations in this domain, Lin [56] takes a 
process approach to understand social capital formation. Lin [56] posits 
that “capital” in social capital should be viewed as both a concept and a 
theory. As a concept, it represents a valued resource and as a theory, it 
describes the process by which capital is established to return benefits. 
In this theory conceptualization, user’s actions can result in sources for 
social capital, which in turn, can result in social capital out
comes/benefits. Lin’s (2002, [56]) theory of social capital has been 
described as “the most well-defined and fully-described model in un
derstanding the nature and dynamics of social capital phenomenon” 
([2], p. 2). 

Three key elements of Lin’s conceptualization are as follows: (1) 
investment in social relations through individuals’ instrumental or 
expressive actions; (2) access to embedded resources in a social struc
ture; and (3) expected returns ([54], 2002, [56]). Instrumental-related 
actions are those actions taken by individuals to obtain resources not 
possessed by them (e.g., networking to get a better job), whereas 
expressive-related actions are those actions taken by individuals to 
maintain or enhance resources they already possess (e.g., seeking advice 
to preserve one’s marriage) [54]. The second key element of embedded 
resources can be analyzed through network structure (i.e., the size of the 
network and an individual’s location within the social structure) and 
network resources (i.e., the value of individuals with whom a person has 
direct or indirect ties in terms of wealth, power, and status). Social 
capital outcomes are the final key element of Lin’s (2002, [56]) process 
approach, where four benefits are theorized: (1) information (social 
connections providing the individual access to useful or unique infor
mation); (2) influence (social connections influencing decisions 
involving the individual); (3) social credentials (social connections 
providing added resources to others beyond the individual’s personal 
capital); and (4) reinforcement (social connections’ acknowledgement 
of the individual’s claim to certain resources, skills, and knowledge). 
These benefits can manifest in returns of wealth, power, reputation, 
among others [55]. 

Koroleva et al. [47] utilize this process approach to create a model of 
social capital formation on SNSs. They find that social capital sources of 
network structure and social connectedness fully mediate the relation
ship between user actions (active participation and passive following) 
and social capital benefits. Additionally, they define four new social 
capital benefits of networking value, horizon-broadening, emotional 
support, and offline participation. Thus, like Lin [55, 56], distancing 
themselves from traditional measures of bridging and bonding. 

In this current investigation, we adopt the process approach to social 
capital formation (as per [47, 55, 56]) where we distinguish between 

user’s actions leading to sources of social capital, resulting in social 
capital outcomes and benefits. This allows for a more fine-grained un
derstanding of how actions influence outcomes on P-SNSs, which can 
provide insights for individuals and organizations that are increasingly 
relying on such tools for professional development and recruitment. 

3.2. Social network analysis 

As articulated by Lin [56], “social capital does not bind or bridge. It is 
the nature of the social networks that bind, bond or bridge” (p. 14). This 
is a fundamental tenant of SNA, where the network is a central construct, 
and one’s position in the network structure helps to determine oppor
tunities and constraints [16, 31, 40]. While the debate over whether SNA 
is a theory of its own or just a methodology persists in the extant liter
ature [7, 74], there are at least two well-known theories—Granovetter’s 
(1973) Strength of Weak Ties (SWT) theory and Burt’s (1992) Structural 
Holes (SH) theory—that provide a rich foundation for understanding the 
interaction processes and mechanisms that can yield certain outcomes 
for individuals and groups ([7, 8]; R. [15, 31]). Both theories are built on 
the same underlying model of how social networks work to create ties 
between individuals [7], which is central to SNA. SWT theory argues 
that the degree of overlap of two individuals’ networks is dependent on 
the degree to which the tie between them (the two individuals) is strong. 
The strength of a tie between two individuals is determined by a com
bination of the emotional intensity, amount of time, intimacy, and 
reciprocity between these two individuals. While SWT theory is based on 
the strength of ties to explain the extent to which a person could have 
access to novel information, SH theory explains the same concept, i.e., 
access to novel information, based on the extent to which an individual’s 
network has SH. A SH is defined as a gap between two individuals. When 
an individual’s network has more SH, he/she has more non-redundant 
ties and, as a result, has access to more novel information [7, 15] 

Kane et al. [40] extend the theories and rich set of concepts in SNA to 
the context of social media in order to offer conceptualizations of how to 
understand users’ actions in their online social networks as well as how 
social media platform design characteristics can affect benefits gained. 
In a social network, ties can be of different types, such as proximities 
(being in the same platform, group, and location), social relations 
(friends, families, or affective relations), interactions (messaging and 
discussion boards), and flows (information) [8]. While SNSs support 
these different types, Kane et al. [40] argue that these networks un
dermine the traditional relationships theorized by SNA between these 
tie types. In traditional SNA, tie types represent a continuum, where 
each serves as the foundation for the next [5]. In SNSs, these different tie 
types are typically decoupled from one another. For example, on the 
S-SNS of Twitter, flows (Twitter trends) and social relations (Twitter 
followers) can both occur without interactions or proximities. 

Ties also have specific characteristics such as degree (the total 
number of connections maintained by a node), symmetry (whether both 
nodes in a dyad reciprocate a tie), affect (whether or not two nodes 
“like” or “dislike” each other), and strength (the frequency and depth 
with which two nodes interact). Tie types and characteristics are 
determined from the design choice of platforms. These factors influence 
the network structure, and, as a result, they may affect people’s ability to 
access new information. For example, Kane et al. [40] highlight the 
network structure differences between the SNSs of Twitter and LinkedIn, 
due to the impact that design choices have had on these platform’s tie 
types and characteristics. The design on LinkedIn requires verification 
and reciprocity of connections when creating ties. This is not the case on 
Twitter where followers are not verified nor require reciprocation. As 
such, one’s network on LinkedIn tends to be more homogeneous 
compared to Twitter, with less diverse but more personal information 
sharing. 

In addition to tie type and characteristics, SNA examines a network’s 
content, which are the resources available in the network. Borgatti & 
Foster (2003) refer to SNA contagion theories when investigating how 
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interactions with network content exert effects on individuals who 
interact with that content. Like a biological pathogen, content can 
spread through a social network and influence those who come in con
tact with it. In the context of SNSs, Kane et al. [40] argue that one’s 
digital profile (which reflects the user’s identity in the network) flows 
through the network and “represents the content through which the user 
influences and is influenced by others” (p.287). Ellison and Boyd (2013) 
identify three sources of content in the user profile—content type, dig
ital activity trace, and third-party contributions—and Kane et al. [40] 
suggest that these sources affect how content flows and spreads in SNSs. 
While research on SNS users’ profiles is still nascent, it is understood that 
these profiles have important implications for content flow and impact 
in the network [42]. For the current investigation, SNA helps us un
derstand how SNSs work to create ties and content through user actions. 
These user actions may lead to social capital sources and ultimately to 
social capital benefits. 

4. Research model and hypotheses 

Fig. 1 shows the research model based on the theoretical foundation 
discussed in the previous section. The core concept underlying this 
research model is that people purposefully use P-SNSs to invest in their 
social networks by performing various actions such as disclosing their 
personal information through their profiles, active participation, and 
passive consumption. This can lead to developing sources of social 
capital (specifically, network size and social connectedness), which in 
turn, can provide valuable benefits (specifically, networking value). We 
note that this is not meant to be a complete representation of possible 
user actions, social capital sources, and social capital benefits for P-SNS 
users. Rather we chose to investigate constructs that were particularly 
relevant to the P-SNS context, could be theoretically supported, and yet 
were under-researched in this domain. We chose a parsimonious 
approach to investigate the social capital formation, which has a rich 
history as a guiding principle for inference (e.g., [36, 51, 76, 95]). While 
larger models with many constructs and associations may provide a 
more complete representation of the phenomenon under investigation, 
they require larger sample sizes, longer questionnaires (resulting in 
lower response rates), and tend to suffer from lack of focus [51, 95]. By 
setting the boundaries of investigation, parsimonious models may pro
vide good levels of predictive and explanatory power in relation to their 
focal phenomena and more impactful contributions [95]. 

As shown in Fig. 1, users’ actions are conceptualized as three distinct 
constructs: perceived profile disclosure, active participation, and passive 
consumption. The extant literature posits that constructs are relevant 
and important in social capital formation [13, 44, 47, 94, 100]. 
Perceived profile disclosure is defined as the degree to which a P-SNS 
user perceives that personal and professional information is disclosed 
through the P-SNS’s profile fields. These P-SNS profile fields may 
include information such as a photo, headline, summary, skills, location, 
contact, education, experience, etc. Active participation is defined as the 
degree to which P-SNS users generate content and react to others’ posts. 
P-SNS users can actively participate in these sites by posting their 
opinions, updating their status, and sharing, commenting, and liking 
others’ posts. Passive consumption is defined as the degree to which a 
user passively engages in a P-SNS (i.e., consumes content). Passive 
consumption includes, but not limited to, reading others’ posts and 
newsfeeds. 

Social capital sources are conceptualized as network size and social 
connectedness. Network size is defined as the number of direct con
nections a user has in a P-SNS. According to Lin [56], a larger network 
may be an indicator of a heterogeneous network that may help provide 
different and better resources than a smaller homogenous network. In 
their recent study, Shen & Gong [75] confirm that the network size in 
SNSs is positively associated with diversity. Therefore, network size, as a 
measure of network structure, can also be used as an approximation of 
diverse embedded resources (content) in larger networks. 

While network size is an objective measure (number of first-level 
connections on LinkedIn) of social capital sources, a perceptual mea
sure of social capital sources can be represented by social connectedness 
[47, 86]. Perceived social connectedness is defined as the degree to 
which a user in a P-SNS feels connected to others in the network. The 
extant literature on social capital supports the role of social connect
edness in mediating the relationships between SNS use and different 
social capital outcomes [1, 32, 47, 98]. 

In the current investigation, perceived networking value is used to 
conceptualize the benefits people gain from their social networks as a 
result of networking activities. It is defined as the degree to which users 
perceive they can gain valuable benefits from their connections in a P- 
SNS [47, 90, 91]. These benefits, according to Lin [55, 56], are infor
mation, influence, social credentials, and reinforcement. The remainder 
of this section details the specific hypotheses, with their support from 
the extant literature. 

Fig. 1. Proposed research model for developing social capital through using P-SNSs.  
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4.1. Perceived profile disclosure 
In this study, perceived profile disclosure aims to measure in

dividuals’ own evaluation of how much and how clearly they disclose 
their personal and professional information through the profile fields of 
their P-SNS account. It includes both the depth and breadth of infor
mation disclosed by users as well as how easy it is to find their skills and 
competencies. Self-disclosure, or intentionally revealing personal in
formation to others, is a primary means of building relationships within 
SNSs [89]. When users disclose more information through their profiles, 
shared interests are more likely to be found with others in their imme
diate or extended networks. Therefore, establishing this common 
ground with others in the network through profile self-disclosure can 
result in more connections (network size) and access to more diverse 
resources [27]. Thus, the following hypothesis is posited as follows: 

H1a. : Perceived profile disclosure in a P-SNS is positively associated 
with online network size. 

Similarly, it can be argued that profile disclosure can be positively 
associated with perceived social connectedness. Perceived social 
connectedness is the “feeling of belongingness and affiliation that 
emerge from interpersonal relationships within social networks” ([33], 
p.1). It is about the quality and meaning of one’s connections [77]. Since 
one’s P-SNS profile plays a central role in the social capital formation 
process [40], and it is always visible to a user’s network, engaged P-SNS 
users may place more effort in updating their profiles. P-SNS users also 
have the opportunity to compare their profile with their online peers, 
which may encourage them to further update/improve their own. 
Additionally, it has been shown that the interaction between 
self-disclosure and engagement is reciprocal and reinforced by sources 
of social capital such as social connectedness [50, 85]. Specifically, Utz 
[89] found that the feeling of connection as a relational outcome is 
fostered by private and public disclosures on SNSs. Thus, the following 
hypothesis is posited as follows: 

H1b. : Perceived profile disclosure in a P-SNS is positively associated 
with perceived social connectedness. 

4.2. Active participation and passive consumption 
In addition to disclosing personal and professional information on P- 

SNSs, individuals typically perform various activities on these sites, 
including sharing updates and opinions, reading and following the news 
of their connections, commenting under others’ posts, and reacting to 
others’ posts ([13], 2010; [47]). Active participation and passive con
sumption in SNSs, specifically in P-SNSs, can increase individuals’ 
network size, allow them to connect with more diverse and high-status 
people, and increase their engagement on these sites as they feel more 
connected to their network. As previously discussed, SNS users can 
establish different types of ties, such as interactions (e.g., sending mes
sages and commenting under posts) and flows (e.g., posting an update, 
sharing an article, and reading a post), without necessarily being in the 
same network. Network activities (such as posting updates and sharing 
thoughts and feelings) can help SNS users establish such types of ties 
with broader audiences (latent ties), which can help them to extend their 
networks (size) and facilitate relationship development with more 
diverse and high-status individuals. For example, P-SNS posts that are 
liked by a connection in one’s network enable that connection’s network 
to view the original post. This may encourage network expansion as the 
post is viewed by individuals outside of the original poster’s network. 
Thus, the following hypothesis is posited as follows: 

H2a. : Active participation in a P-SNS is positively associated with 
online network size. 

Engaging in SNS network activities more frequently can, similarly, 
increase perceived social connectedness [77]. S-SNS Facebook studies 
have found that active participation on this platform increases engage
ment and social connectedness [4, 47]. Similarly, Riedl et al., (2013) 

find that a high frequency of tweeting, as a measure of active partici
pation on Twitter, predicts users’ level of social connectedness. Thus, the 
following hypothesis is posited as follows: 

H2b. : Active participation in a P-SNS is positively associated with 
perceived social connectedness. 

Reading and following the news of connections also help SNS users to 
extend their networks (size). For example, when you read your con
nections’ posts, you may request to add a latent tie that liked or com
mented on one of your connections’ posts if you find common ground 
with this tie. Thus, the following hypothesis is posited as follows: 

H3a. : Passive consumption in a P-SNS is positively associated with 
online network size. 

Likewise, reading and following the news of connections in SNSs 
more frequently can enhance engagement and subsequently may in
crease perceived social connectedness [77]. A study on Facebook by 
Koroleva et al. [47] finds that passive following is positively associated 
with social connectedness. Thus, the following hypothesis is posited as 
follows: 

H3b. : Passive consumption in a P-SNS is positively associated with 
perceived social connectedness. 

4.3. Social capital sources and benefits 
As people actively perform networking activities on P-SNSs by 

building their profiles and performing various activities as mentioned 
above, they create capacity or sources of social capital. Social capital 
sources, such as a large network size and high interconnectedness, can 
provide numerous benefits for SNSs users. To date, the majority of SNS 
studies have measured the benefits of social capital for SNS users under 
the two forms of social capital proposed by Putnam [71]: bridging and 
bonding social capital. However, SNS researchers tend to operationalize 
bridging and bonding social capital by using the scales developed by 
Williams [97], which were originally developed for general Internet 
users of chat rooms, email, and online video games [47]. As such, these 
scales may not be appropriate for measuring social capital benefits for 
SNS users due to the fact that there are technological differences be
tween the general Internet and SNSs, which may result in distinct 
behavioral differences.1 Additionally, most studies that have examined 
social capital benefits have focused on S-SNSs such as Facebook [101]. 
Since the motivations behind using S-SNSs and P-SNSs are different, 
users of such sites act differently, and, as a result, using the same scales 
for measuring social capital benefits may be inaccurate. Therefore, in 
this study, the focus is not on traditional bridging and bonding social 
capital. Instead, social capital benefits are operationalized as perceived 
networking value as most users of P-SNSs use such sites for networking 
purposes. 

Examples of networking value in the context of P-SNSs include access 
to new information, obtaining professional advice, or claiming social 
credentials. The extant literature on the effect of network size on 
networking value has been mixed. Some have found that SNSs users can 
gain more networking value from their online social networks if they 
have a larger network size [14, 90]. They argue that SNSs can support 
larger networks of weaker ties due to the low cost of maintaining re
lationships in these sites. In addition, due to the visibility and associa
tion affordances of SNSs, it is easier to connect with latent ties, i.e., 
“friends of friends” in these sites [27]. Therefore, a larger network size in 
SNSs inevitably leads to more weak ties, which can increase one’s access 

1 Unlike general Internet users, SNS users can publicly articulate their online 
social networks. This provides them with various possibilities to engage in so
cial capital exchanges with other members in their networks such as the ability 
to “tag” others in an update which can be served as a form of social grooming 
behavior [49, 87]. 
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to various resources such as new information and opportunities [75], 
and, as a result, more networking value. Meanwhile, others have found 
that the relationship between network size and bridging social capital is 
curvilinear [26]. Once a certain network size is reached, increasing 
one’s network does not result in increased social capital benefits. While 
the extant literature is somewhat contradictory on the effects of network 
size, the preponderance of investigations indicates a positive association 
between network size and social capital benefits. As such, the following 
hypothesis is posited as follows: 

H4. : P-SNS network size is positively associated with perceived 
networking value. 

Similarly, a higher sense of connectivity within a P-SNS can lead to 
increased perceived networking value. A study by Koroleva et al. [47] 
finds that there is a significant positive association between social 
connectedness and networking value among Facebook users. In one of 
the few P-SNS studies, Utz (2016) finds that there is a positive associa
tion between network size and professional informational benefits re
ported by LinkedIn users. The extant literature on social connectedness 
also supports the association between social connectedness and various 
social capital outcomes [1, 32, 82]. Thus, the following hypothesis is 
posited as follows: 

H5. : Perceived social connectedness in a P-SNSs is positively associ
ated with perceived networking value. 

5. Research methodology 

5.1. The choice of research methodology 

The underlying philosophical assumption of this research is groun
ded in a positivist paradigm in a deductive reasoning approach, as it 
draws from existing theories with pre-defined variables. Thus, a quan
titative research methodology is well suited to address this study’s 
research questions [62], where we emphasize precisely measuring var
iables and testing hypotheses that are linked to general causal expla
nation [65]. The current study utilizes an online survey to collect the 
required data for model validation. Surveys, specifically in the context of 
the IS discipline, are widely used and considered a common approach for 
data collection. They are very useful in answering different types of 
research questions including “why?”, “how?”, and “how many?”. In 
addition, surveys, compared to other data collection techniques, are 
effective at reaching larger samples and are ideal for asking about user 
opinions and attitudes [64]. 

5.2. Data collection 

The primary target population of this study was young and mid-aged 
adults (18–54 years old) who actively use LinkedIn. The main reason to 
target this age group is that, compared to other age groups, they are 
more likely to engage in networking activities such as self-promotion for 
professional purposes [78]. Being earlier in their professional careers, 
they are in the process of developing social capital as they seek to build 
and establish their professional networks. Thus, even small differences 
in their networking efforts on P-SNSs may lead to distinct differences 
among them in terms of perceived networking value. Participants were 
recruited from the target population at two major Canadian universities 
as well as through a market research firm. In total, 420 responses were 
collected for this study, of which 385 were usable. Thirty-five responses 
were omitted due to trivial responses, incompleteness, wrong answers to 
the quality questions, or duplicate responses. Table 1 highlights the 
demographic information of respondents. 

5.3. Measurement 

To ensure content validity, previously validated instruments were 

used in this study. Perceived profile disclosure was measured using 
Krasnova et al.’s (2010) profile disclosure scale; active participation and 
passive consumption were measured using Burke et al. [14] and Kor
oleva et al.’s [47] active participation and passive consumption scales; 
social connectedness was measured using Koroleva et al. [47] social 
connectedness scale, and networking value was built on Utz and Bre
uer’s (2016) informational benefits scale and Koroleva et al.’s [47] 
networking value scale. As Utz and Breuer’s (2016) informational ben
efits scale and Koroleva et al.’s [47] networking value scale only capture 
the information and influence dimensions of networking value, these 
scales are modified to capture other dimensions of networking value 
(social credentials and reinforcement) based on Lin’s (2002, 2008) 
definition of social capital benefits. All items were measured on 7-point 
Likert scales. Social network size was measured using a single item, 
asking respondents to reveal their number of connections on LinkedIn. 

6. Analysis and results 

To validate the research model, structural equation modeling (SEM) 
was used. SEM combines a measurement model (i.e., confirmatory factor 
analysis) and a structural model (i.e., relationships between constructs 
of interest) [29]. PLS (a component-based SEM technique) is preferred 
over AMOS or LISREL (a covariance-based SEM technique) because PLS 
imposes minimum demands in terms of sample size, sample data dis
tribution, and residuals distribution [19]. According to Hair et al. [34], 
the systematic evaluation of PLS-SEM results includes two stages: (1) 
evaluation of the measurement model and (2) evaluation of the struc
tural model. SmartPLS 3 was used for our measurement and structural 
model evaluations. 

6.1. Descriptive statistics 

The dataset was examined for missing values, outliers, and non- 
normality using SPSS version 25. The number of missing values per in
dicator was less than 2 percent. Therefore, following Hair et al.’s (2016) 
recommendation, mean value replacement was applied instead of case- 
wise deletion to treat the missing values. Univariate outliers were 
identified and removed (6 cases) using z-test (z-scores with extreme 
absolute values greater than the critical value of 3.29). Multivariate 
outliers were identified using the Mahalanobis distance approach [61]. 
Applying a chi-square test (p<0.001, df=4) to four composite variables 
(i.e., perceived profile disclosure, active participation, passive con
sumption, and social connectedness), two cases appeared to have 
chi-square statistics higher than the critical value of 18.467 and were 
thus eliminated from the study. As a result, the number of cases was 
reduced to 377. The descriptive statistics of the measurement items used 
in this study are provided in Table 2. Although the PLS analysis method 
does not require normal distribution for data, the non-normality of data 
regarding skewness and kurtosis is not a severe issue. Regarding 

Table 1 
Demographic information.  

Age 18–24 42.2% 
25–34 27.3% 
35–44 28.6% 
45–54 1.6% 
Prefer not to say/not applicable 0.3% 

Gender Female 62.6% 
Male 36.3% 
Other 0.8% 
Prefer not to say/not applicable 0.3% 

Education High school diploma 44.3% 
College diploma 8.8% 
Undergraduate bachelor’s degree 25.7% 
Master’s degree 16.4% 
Doctoral degree 4.5% 
Prefer not to say/not applicable 0.3%  
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skewness and kurtosis, values should ideally be within − 1 and +1. Most 
indicators are within this range with the exception of A_Partici_1, 
A_Partici_2, and Pro_Dis_4, all three P-Consum indicators, and V_Netw_6. 
These are not considered substantial departures from normality (ac
cording to [96]), and, as such, these indicators are retained. 

6.2. Evaluation of the measurement model 

Based on Hair et al.’s (2016) guideline, the validation of the mea
surement model includes Cronbach’s alpha and composite reliability to 
evaluate internal consistency, individual indicator reliability, and 
average variance extracted (AVE) to evaluate convergent validity, cross- 
loadings, the Fornell-Larcker criterion, and the heterotrait-monotrait 
ratio (HTMT) of the correlations to assess discriminant validity. All 
constructs passed the threshold value of 0.6 for Cronbach’s alpha and 
composite reliability [34]. Convergent validity was assessed via items’ 
outer loadings, indicators’ reliability, and AVE. Except for V_Netw_1, all 
items passed the threshold value of 0.7 for outer loading, 0.5 for in
dicator’s reliability, and 0.5 for AVE [34]. Regarding V_Netw_1 (“I 
receive information about job opportunities from my LinkedIn con
nections/groups”), in line with the guideline proposed by Hair et al. 
[34], this item was retained for two reasons: first, removing this item 
does not lead to an increase to composite reliability, and second, it is 
believed that removal of this item weakens the content validity of the 
associated construct (networking value). Finally, the measurement 
model was tested in terms of discriminant validity. Tables 3 to 6 show 
the results of items’ cross-loadings, Fornell-Larcker criterion, conver
gent validity (outer loadings, indicator reliability, and AVE), and HTMT. 
As observed from the tables, each indicator’s outer loading on its asso
ciated construct is greater than its loadings on other constructs 
(Table 3). In addition, the square root of each construct’s AVE is greater 
than its highest correlation with any other construct (Table 4), and the 
AVE of all constructs is greater than 0.5 (Table 5). The final and most 
critical assessment of discriminant validity is HTMT as it has been shown 
to more accurately detect a lack of discriminant validity in 
variance-based SEM [37]. Considering the various criterion and statis
tical test approaches, Henseler et al. [37] conclude that the 0.85 crite
rion approach is the most conservative and best at detecting 
discriminant validity problems. As shown in Table 6, all HTMT values 
are lower than the threshold value of 0.85, providing confidence that the 

Table 2 
Descriptive statistics.   

Missing Mean Median Min Max Standard deviation Kurtosis Skewness 

Pro_Dis_1 0 4.814 5.000 1 7 1.450 − 0.060 − 0.690 
Pro_Dis_2 0 4.769 5.000 1 7 1.443 − 0.086 − 0.671 
Pro_Dis_3 0 4.836 5.000 1 7 1.393 0.165 − 0.726 
Pro_Dis_4 0 5.233 5.000 1 7 1.329 1.114 − 1.062 
S_Netw 0 3.568 3.000 1 9 2.721 − 0.658 0.838 
Soc_Con_1 0 4.095 4.000 1 7 1.593 − 0.894 − 0.157 
Soc_Con_2 0 4.358 5.000 1 7 1.530 − 0.636 − 0.394 
Soc_Con_3 0 4.745 5.000 1 7 1.451 − 0.256 − 0.617 
Soc_Con_4 0 4.204 4.000 1 7 1.575 − 0.844 − 0.173 
Soc_Con_5 0 4.143 4.000 1 7 1.601 − 0.853 − 0.161 
Soc_Con_6 0 3.952 4.000 1 7 1.598 − 0.862 0.051 
A_Partici_1 0 2.300 1.500 1 7 1.599 0.824 1.321 
A_Partici_2 0 2.261 1.500 1 7 1.541 1.205 1.398 
A_Partici_3 0 3.387 3.000 1 7 1.858 − 1.070 0.308 
P_Consum_1 0 3.666 3.000 1 7 1.851 − 1.044 0.235 
P_Consum_2 0 4.220 4.000 1 7 1.889 − 1.114 − 0.104 
P_Consum_3 0 3.883 4.000 1 7 1.860 − 1.150 0.037 
V_Netw_1 0 5.164 5.000 1 7 1.505 0.524 − 0.981 
V_Netw_2 0 4.912 5.000 1 7 1.549 − 0.016 − 0.804 
V_Netw_3 0 4.379 5.000 1 7 1.474 − 0.173 − 0.552 
V_Netw_4 0 4.491 5.000 1 7 1.511 − 0.033 − 0.604 
V_Netw_5 0 4.708 5.000 1 7 1.529 0.111 − 0.746 
V_Netw_6 0 5.080 5.000 1 7 1.240 1.151 − 0.805 

Abbreviations: A_Partici = active participation; P_Consum = passive consumption; Pro_Dis = perceived profile disclosure; S_Netw = network size; Soc_Con = perceived 
social connectedness; V_Netw = perceived networking value. 

Table 3 
Discriminant validity results (cross-loadings).   

A_Partici P_Consum Pro_Disc Soc_Con Val_Netw 

A_Partici_1 0.936 0.544 0.350 0.550 0.477 
A_Partici_2 0.908 0.500 0.351 0.540 0.486 
A_Partici_3 0.861 0.744 0.393 0.497 0.547 
P_Consum_1 0.644 0.933 0.338 0.574 0.550 
P_Consum_2 0.588 0.941 0.327 0.433 0.519 
P_Consum_3 0.622 0.944 0.309 0.499 0.531 
Pro_Dis_1 0.376 0.313 0.916 0.409 0.444 
Pro_Dis_2 0.385 0.330 0.926 0.443 0.440 
Pro_Dis_3 0.382 0.306 0.914 0.454 0.445 
Pro_Dis_4 0.323 0.309 0.875 0.399 0.388 
Soc_Con_1 0.465 0.381 0.381 0.831 0.523 
Soc_Con_2 0.497 0.505 0.406 0.874 0.621 
Soc_Con_3 0.413 0.455 0.472 0.777 0.545 
Soc_Con_4 0.541 0.484 0.408 0.917 0.574 
Soc_Con_5 0.560 0.495 0.399 0.912 0.573 
Soc_Con_6 0.578 0.484 0.388 0.901 0.559 
V_Netw_1 0.312 0.374 0.359 0.326 0.689 
V_Netw_2 0.384 0.437 0.366 0.446 0.737 
V_Netw_3 0.500 0.456 0.377 0.634 0.821 
V_Netw_4 0.457 0.409 0.375 0.521 0.810 
V_Netw_5 0.430 0.449 0.343 0.511 0.804 
V_Netw_6 0.437 0.485 0.367 0.480 0.723 

Abbreviations: A_Partici = active participation; P_Consum = passive consump
tion; Pro_Dis = perceived profile disclosure; Soc_Con = perceived social 
connectedness; V_Netw = perceived networking value. 

Table 4 
Discriminant validity results (Fornell-Larcker criterion).   

A_Partici P_Consum Pro_Disc Soc_Con Val_Netw 

A_Partici 0.902     
P_Consum 0.660 0.939    
Pro_Disc 0.404 0.346 0.908   
Soc_Con 0.587 0.540 0.470 0.870  
Val_Netw 0.558 0.569 0.473 0.651 0.766  
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constructs used in this study were distinct. 

6.3. Evaluation of structural model 

Based on Hair et al.’s (2016) guideline, evaluating a PLS-SEM 
structural model involves assessing the structural model for collin
earity issues, coefficients of determination (R2 values), and the size and 
the significance of the path coefficients. To assess collinearity, the 
following sets of predictor constructs are assessed: (1) active participa
tion, passive consumption, and perceived profile disclosure as predictors 
of network size and perceived social connectedness; (2) network size and 
perceived social connectedness as predictors of perceived networking 
value. As shown in Table 7, all VIF values are clearly below the threshold 
of 5 [34]. Therefore, it can be concluded that collinearity among the 
predictor constructs is not a critical issue in the structural model. 

Fig. 2 shows the results of R2 values of endogenous variables. 
Following the Hair et al. [34] guideline, the R2 value of Netw_S (0.240) 
can be considered weak, whereas the R2 values of Soc_Con (0.474) and 
Val_Netw (0.459) are rather moderate. To determine the path co
efficients and whether the relationships in the structural model are 
significant, the bootstrapping procedure was used. Using a boot
strapping procedure with 5000 samples, as shown in Fig. 2, all paths 
except for active participation → network size and network size → 
perceived networking value are significant. 

There are four main findings from our results: (1) P-SNS users’ ac
tions (perceived profile disclosure, active participation, and passive 
consumption) have significant positive effects on perceived social 
connectedness (H1a, H1b, and H1c supported); (2) perceived social 
connectedness on P-SNSs has a significant positive effect on perceived 
networking value on these sites (H4 supported); (3) while perceived 
profile disclosure and passive consumption have significant positive 
effects on network size (H1b and H3b supported), active participation 

does not influence network size (H2b not supported); and (4) network 
size on P-SNSs does not have a significant effect on perceived 
networking value (H5 not supported). In sum, the more individuals 
perform various actions on P-SNSs, the more they perceive networking 
value if they feel connected to their networks on these sites. Also, while 
P-SNS users’ actions such as profile disclosure and passive consumption 
can lead to increased network size, a larger network size does not 
necessarily lead to increased perceived networking value. 

6.4. Common method bias 

To assess the potential impact of common method bias in this 
research, a procedure proposed by Kock (2015) was followed. Through 
this procedure, we calculated variance inflation factors (VIFs) for all 
latent variables in the model. All VIF values are less than the recom
mended threshold of 3.3, indicating that common method bias did not 
impact this investigation. 

7. Discussion 

This research results show that active participation, followed by 
passive consumption and perceived profile disclosure, has significant 
positive effects on perceived social connectedness. These findings are 
supported by the extant literature [32, 46, 59] which indicates that in
dividuals primarily engage with SNSs through active participation (e.g., 
like, comment, post/share, etc.) or passive consumption (e.g., follow the 
news of connections, look through their newsfeed, etc.) to maintain their 
relationships with others in their social networks [27, 91]. This leads to 
specific relational outcomes such as perceived relational closeness [12, 
27, 47, 93]. Relational closeness can be enhanced as people continue 
engaging with SNSs [93]. An increased sense of relational closeness can 
eventually lead to enhancing the quality of relationships between in
dividuals and their social network by creating feelings of connection or 
belongingness toward others in the network [63, 93]. This feeling of 
connection, according to Lin [56], is the outset layer of a social tie, 
which can serve as a basis for developing other layers of a social tie such 
as bonding [43]. 

This research also shows that while both active participation and 
passive consumption had very significant effects on perceived social 
connectedness (p<0.001), the path coefficient was higher for active 
participation. An individual’s active participation in SNSs (through 
liking, commenting, or sharing others’ posts) can be perceived as signal 
of attention. Gaining awareness and attention from others in a network 
strengthens reciprocal relationships and, as a result, creates a sense of 
connectivity [23, 27]. In contrast, passive consumption cannot create 
such an environment as it does not establish reciprocity [3]. Therefore, 
although still significant, the effect of passive consumption on perceived 
social connectedness may be more limited to the extent to which it can 
create relational closeness between a user and its network, as described 
earlier. 

Based on the results of this research, perceived profile disclosure also 
positively affects perceived social connectedness. Users’ perceived pro
file disclosure on SNSs is dependent on them disclosing personal and 
professional information through profile fields of their account. 
Increasing the depth and breadth of information shared via SNS profile 
fields can positively affect perceived social connectedness toward one’s 
network in two ways. First, network members become more trusting of 
each other as they can establish more common grounds with each other. 
This enhanced trust, in turn, can facilitate relationship development and 
increase the feeling of connection among network members [83]. This 
can help explain why YouTube users tend to report lower levels of social 
connectedness than Facebook users. Profile features in YouTube, 
compared to Facebook, are limited and may not be sufficient for 
establishing trust and social connectedness [3]. 

Second, disclosing more personal and professional information on 
SNSs may increase users’ engagement with these sites (e.g., spending 

Table 5 
Convergent validity results.   

Outer loadings Indicator reliability AVE 
> 0.7 > 0.5 > 0.5 

A_Partici_1 0.936 0.876 0.814 
A_Partici_2 0.908 0.824 
A_Partici_3 0.861 0.741 
P_Consum_1 0.933 0.870 0.882 
P_Consum_2 0.941 0.885 
P_Consum_3 0.944 0.891 
Pro_Dis_1 0.916 0.839 0.825 
Pro_Dis_2 0.926 0.857 
Pro_Dis_3 0.914 0.835 
Pro_Dis_4 0.875 0.766 
Soc_Con_1 0.831 0.691 0.757 
Soc_Con_2 0.874 0.764 
Soc_Con_3 0.777 0.604 
Soc_Con_4 0.917 0.841 
Soc_Con_5 0.912 0.832 
Soc_Con_6 0.901 0.812 
V_Netw_1* 0.694 0.481 0.586 
V_Netw_2 0.737 0.543 
V_Netw_3 0.821 0.674 
V_Netw_4 0.810 0.656 
V_Netw_5 0.804 0.646 
V_Netw_6 0.723 0.523  

Table 6 
Discriminant validity results (HTMT).   

A_Partici P_Consum Pro_Disc Soc_Con Val_Netw 

A_Partici      
P_Consum 0.725     
Pro_Disc 0.445 0.371    
Soc_Con 0.644 0.57 0.505   
Val_Netw 0.629 0.632 0.531 0.707   
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more time/effort in enhancing one’s profile) and may result in increased 
interactions with other members (e.g., asking for recommendations, 
endorsing skills, etc.) [3]. However, SNS users do not update their 
profile information or ask for recommendations/endorsements as 
frequently as they actively participate (like, comment, or share a post) or 
passively consume (follow or read newsfeed) on these sites [27]. SNS 
users that wish to enhance their social connectedness should be mindful 
to reflect updates in their profiles in addition to other active and passive 
SNS activities since all these user actions are significantly linked to 
feelings of social connectedness. 

This study found that perceived social connectedness on P-SNSs has a 
significant positive effect on perceived networking value on these sites. 
This is in line with the extant literature that supports the association 
between social connectedness and various social capital outcomes such 
as networking value, life satisfaction, etc. [1, 32, 47, 82]. Social 
connectedness represents one’s overall perception of the quality of re
lationships with one’s network. As a source of social capital, individuals’ 
social connectedness to their network indicates the amount of support 
they feel that they can obtain from their network. This feeling can lead to 
the formation of deeper social ties and feelings of bonding with a 
network [56]. Even if individuals possess valuable resources in their 
networks, without a sense of connectedness, they are less likely to 
mobilize such resources and gain benefits from them. This, in turn, may 
lead to decreased engagement with these sites. 

This research shows that while perceived profile disclosure and 

passive consumption have significant positive effects on network size, 
active participation does not. It may seem surprising that one’s active 
participation on SNSs does not affect one’s network size because it is 
expected that the more SNS users actively engage in their online net
works, the more they can expand their networks. To understand why 
this is not the case in this study, we need to understand how active 
participation may lead to an increased network size on SNS platforms. 
Active participation, as conceptualized in this study, includes three main 
actions: liking others’ posts; commenting on others’ posts; or sharing/ 
resharing posts on one’s wall. In general, if one’s active participation on 
an SNS is to lead to an increased network size, these actions must be seen 
by an extended network (connections of one’s connections) resulting in 
connection requests from that extended network. From the three actions 
that define active participation, two of them (liking and commenting on 
others’ posts) are not seen by extended networks. Users must share/ 
reshare a post and receive likes and comments on that post in order to 
broaden visibility to an extended network. This visibility can then result 
in connection requests that can expand one’s network. In our research 
sample, approximately 80 percent of participants share a post almost 
monthly while less than 8 percent share a post weekly. The latter figure 
for the general LinkedIn population is only 1 percent [67]. This helps to 
explain our results as sharing a post on P-SNSs is not a frequent action, 
and other types of active participation such as liking and commenting 
have no or little effect on network size. 

The mechanism through which one’s network size is expanded is 

Table 7 
Collinearity assessment of the structural model (VIF).   

A_Partici Netw_S P_Consum Pro_Disc Soc_Con Val_Netw 

A_Partici  2.040   2.040  
Netw_S      1.192 
P_Consum  1.844   1.844  
Pro_Disc  1.344   1.344  
Soc_Con      1.072 
Val_Netw       

Abbreviations: A_Partici = active participation; P_Consum = passive consumption; Pro_Dis = perceived profile disclosure; Soc_Con = perceived social connectedness; 
Val_Netw = perceived networking value. 

Fig. 2. Path coefficients and significance levels in the structural model.  
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different for passive consumption and profile disclosure. For passive 
consumption, SNS users read and follow others’ posts, which may 
include posts from an extended network (given that they received likes 
and comments by one’s connections). This may prompt the SNS user to 
send a connection request and, if accepted, result in a larger network 
size. In our research sample, approximately 60 percent of participants 
read, follow, or click on the content shared by connections every 2–3 
weeks. Thus, the frequency of passive consumption is higher than that of 
active participation. This may explain why, unlike active participation, 
passive consumption significantly affects network size. 

The way individuals can add new people to their network through 
their profile disclosure is completely different than that of active 
participation and passive consumption. On LinkedIn, the “People You 
May Know” feature suggests other members for connection based on 
profile similarity factors. As such, the more users disclose their personal 
and professional information on LinkedIn, the more suggestions they 
receive, regardless of how much time they spend following other people 
on LinkedIn. 

Our results show that network size on SNSs does not have a signifi
cant effect on perceived networking value. While our hypothesis was not 
supported, it is important to note that the extant literature on the effect 
of network size on social capital outcomes is contradictory. While some 
studies such as Burke et al. [14] and Utz (2016) found that network size 
positively affects bridging social capital on Facebook or professional 
informational benefits on LinkedIn, others found an inverted U-shape or 
no relationship between network size and social capital outcomes. For 
example, Ellison et al. [26] found that the number of actual friends (as a 
percentage of total number of Facebook friends) has a significant effect 
on bridging social capital, but the effect diminishes above the range of 
400–500 [26]. In a similar vein, Tang and Lee (3013) found that network 
size on Facebook does not significantly affect offline and online political 
participation. Instead, the quality of a social network in terms of higher 
network heterogeneity may have an impact on social capital outcomes 
[84]. In subsequent research on the effects of networking on LinkedIn, 
Utz [91] found that only the total number of weak ties (not strong ties) is 
positively related to informational benefits [91]. 

In this research, the perceived networking value was conceptualized 
based on four social capital benefits proposed by Lin [56]: information; 
influence; social credential; and reinforcement. In a post hoc analysis, 
we separated the information dimension from the other three social 
capital benefits. Interestingly, we found that network size did have a 
significant positive impact on the information dimension of social cap
ital benefits, more so than social connectedness. This suggests that 
network size may have an impact on limited facets of network value. 
Overall, our findings on network size emphasize the complex nature of 
this variable’s effect of social capital outcomes, warranting further 
investigation. 

8. Research contributions and limitations 

This research on P-SNSs can be of interest and benefit to both aca
demics in the discipline of IS as well as business practitioners. From a 
theoretical perspective, this research offers several contributions. First, 
P-SNSs, in general, are under-researched in IS. Therefore, by conducting 
this research on LinkedIn (one of the most widespread P-SNS platforms) 
and validating a model of social capital formation for the context of P- 
SNS, this research advances our knowledge of how individuals interact 
with these platforms. In addition to distinct differences in profile fea
tures on S-SNSs versus P-SNSs, these platforms differ in their nature of 
use which affects the social capital formation process. P-SNS users tend 
to have professionally driven motivations to engage on such sites rather 
than socializing with friends. Thus, expanding professional networks 
through self-promotion is a focus for P-SNSs users. This is even more 
important during a pandemic where traditional face-to-face networking 
is restricted and is expected to continue in a post-pandemic era where 
there will be more emphasis on working from home and online 

professional networking [17, 22]. 
Second, while past studies (e.g., [25]) have investigated the re

lationships between S-SNS users’ specific activities and traditional 
bridging and bonding social capital, this research investigates the pro
cess (actions → social capital sources → social capital outcomes) by 
which actual social capital benefits are formed. Specifically, this study 
highlights the role of social capital sources. As such, this study helps to 
enhance the depth and breadth of our understanding of how social 
capital is formed in SNSs. To the best of our knowledge, this is the first 
study in the SNS context that investigated the role of one’s profile in the 
social capital formation process, along with users’ actions such as active 
participation and passive consumption. Thus, this study provides the 
opportunity to analyze the relative importance of each of these con
structs in this process. 

Third, as the use of P-SNSs for networking purposes has become 
widespread among professionals,2 the perception of gaining actual value 
from these sites becomes increasingly important. As with any informa
tion technology, predicting outcomes (networking value) are important 
to understanding how to efficiently and effectively use such technology 
(P-SNSs). By measuring perceived networking value as we defined it (job 
leads, social credentials, referrals, and recognition), this research helps 
us improve the efficiency and effectiveness of the social capital forma
tion process on these sites. This becomes even more important in 
pandemic and post-pandemic eras as there will be increased emphasis 
and reliance on online networking and the perceptions of networking 
value. 

Fourth, the extant literature on the effect of network size on social 
capital outcomes is contradictory. We believe our findings on the rela
tionship between network size and perceived networking value is an 
important step toward revealing the effect of network size on social 
capital outcomes. 

This study targets different audiences interested in extending their 
networks, such as job seekers, recruiters, policymakers, and SNS pro
viders. The results of this research can help these audiences to better 
understand the process of social capital formation and, as a result, assist 
them in playing a more effective role in this process. As such, from a 
practical perspective, this research offers several contributions. First, 
according to Utz [91], LinkedIn is widely used among professionals who 
engage in networking for various reasons. Additionally, senior students 
and fresh graduates can use P-SNSs to expand their social networks to 
help secure their first jobs. By understanding which factors significantly 
influence the social capital formation process on P-SNSs, this study can 
help such individuals to network more effectively and efficiently on 
these sites and, as a result, help them maximize the benefits they can 
gain from these sites. Second, as individuals place more emphasis on 
their online professional networking through P-SNSs, organizations can 
benefit from the enhanced profiles and activities of members by 
leveraging this rich data to find the best candidates to meet organiza
tional goals. Third, the results of this study show that P-SNS platforms 
can potentially help people develop and accrue social capital more easily 
and at lower costs. As such, the results of this study can provide evidence 
for policymakers to emphasize the use of social media-based programs in 
federal and provincial employment services, such as career centers for 
the general public or welcome centers for new immigrants. Fourth, this 
research highlights the importance of one’s profile and how it relates to 
specific benefits that P-SNS users can gain from these sites, such as social 
credentials and referrals. P-SNS providers can use the results of this 
study to help improve their networking services for their users. For 
example, from a design perspective, P-SNS providers can consider 
enhancing profile features to showcase social credentials of connections 
(which can enhance self-presentation affordances) and facilitating the 
referral process. 

2 LinkedIn, as the largest professionally oriented social network site, has 
around 310 million monthly active users [66] 
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Any empirical investigation has its own limitations that should be 
considered. First, as this research study is cross-sectional, a definitive 
causal relationship between independent and dependent variables 
cannot be drawn. For example, it is ultimately unclear whether an 
increased sense of connectivity in SNS users is formed because they 
disclose more information on their profiles, or they disclose more in
formation on their profiles because they feel more connected to their 
social network. However, previous longitudinal studies in this domain 
support the causality relationship between actions and social capital 
benefits [12, 13, 80]. Second, using self-reported and perception mea
sures rather than actual behavior is another limitation of this study. 
Although analyses showed that common method bias is not likely to be 
an issue in this investigation, it may be more accurate to use server data 
for measuring users’ actions (active participation and passive con
sumption). However, it is important to note that LinkedIn has recently 
limited researchers’ access to users’ server data. 

9. Conclusion 

The main objective of this research was to propose and validate a 
model that explains the process by which individuals develop and accrue 
social capital through using P-SNSs such as LinkedIn. Survey results 
from 377 LinkedIn users revealed that (1) P-SNS users’ actions 
(perceived profile disclosure, active participation, and passive con
sumption) have significant positive effects on perceived social 

connectedness; (2) perceived social connectedness on P-SNSs has a sig
nificant positive effect on perceived networking value on these sites; (3) 
perceived profile disclosure and passive consumption have significant 
positive effects on network size; (4) active participation does not have 
any effect on network size; and, finally, (5) network size on P-SNSs does 
not have a significant effect on perceived networking value. 

While this research provides an important step in understanding the 
social capital formation process on P-SNSs, there are several interesting 
research questions that remain to be answered in this domain. One po
tential investigation is to use measures of network content such as 
network compositional quality along with network size (as a measure of 
network structure) to better understand the relative importance of 
network structure and content on the social capital formation process. 
Further, because of the importance of privacy settings in SNSs, it would 
be interesting to understand how users’ choice of privacy settings affects 
the social capital formation process on these sites. Additionally, future 
work with longitudinal data could further our understanding of the 
directionality of key relationships in our research model. 
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Appendix-1: Survey items  

Construct* Items 

Perceived profile 
disclosure 

Pro_Dis_1 - I have a comprehensive profile on LinkedIn. 
Pro_Dis_2 - I have a detailed profile on LinkedIn. 
Pro_Dis_3 - My profile tells a lot about me. 
Pro_Dis_4 - From my LinkedIn profile it would be easy to find out my skills and competencies. 

Active participation A_Partici_1- Commenting on posts 
A_Partici_2- Share something on your wall 
A_Partici_3- Like what connections post. 

Passive consumption P_Consum_1- Follow the news of your connections. 
P_Consum_2- Look through the newsfeed. 
P_Consum_3- Click on the content shared by connections. 

Network size How many first-level connections do you currently have on LinkedIn? 
Perceived social connectedness Soc_Con_1- Feel close to the people in my connection list. 

Soc_Con_2- Have a feeling of being connected to others. 
Soc_Con_3- I am updated about my connections. 
Soc_Con_4- Stay in touch with my connections. 
Soc_Con_5- Keep contact with the people in my connection list. 
Soc_Con_6- Interact with my connections more 

Perceived networking value V_Netw_1- I receive information about job opportunities from my LinkedIn connections/groups 
V_Netw_2- I get information about job market from my LinkedIn connections/groups 
V_Netw_3- Through my network connections on LinkedIn I can get easily valuable referrals. 
V_Netw_4- My LinkedIn connections elevate my social credentials in my field of work. 
V_Netw_5- Some of my LinkedIn connections/groups boost my identity and recognition. 
V_Netw_6- Information shared by my LinkedIn connections/groups is sufficiently timely.  

* All construct items were measured on a 7-point Likert scale, with the exception of network size. 

References 

[1] D. Ahn, D. Shin, Is the social use of media for seeking connectedness or for avoiding 
social isolation? Mechanisms underlying media use and subjective well-being, 
Comput. Human Behav. 29 (6) (2013) 2453–2462. 

[2] M. Akdere, Social capital theory and implications for human resource 
development, Singap. Manag. Rev. 27 (2) (2005) 1–25. 

[3] T. Alloway, R. Alloway, The impact of engagement with social networking sites 
(SNSs) on cognitive skills, Comput. Human Behav. 28 (5) (2012) 1748–1754. 

[4] T. Alloway, J. Horton, R. Alloway, C. Dawson, Social networking sites and 
cognitive abilities: do they make you smarter? Comput. Educ. 63 (2013) 10–16. 

[5] Atkin, R. (1977). Combinatorial Connectivities in Social Systems: an application of 
simplicial complex structures to the study of large organizations. In Birkhauser (Vol. 
34). 

[6] G. Blank, C. Lutz, The social structuration of six major social media platforms in the 
United Kingdom: facebook, LinkedIn, Twitter, Instagram, Google+ and Pinterest, 
in: Proceedings of the 7th 2016 International Conference on Social Media & Society 
8, ACM, 2016. 

[7] S. Borgatti, D. Halgin, On network theory, Organ. Sci. 22 (5) (2011) 1168–1181. 
[8] S. Borgatti, A. Mehra, D.J. Brass, G. Labianca, Network analysis in the social 

sciences, Science 323 (5916) (2009) 892–895. 
[10] D. Boyd, Social Network Sites as Networked Publics: affordances, Dynamics, and 

Implications, in: Z. Papacharissi (Ed.), Networked Self: Identity, Community, and 
Culture on Social Network Sites, Routledge, New York, 2010, pp. 39–58. 

[11] D. Boyd, N. Ellison, Social network sites: definition, history, and scholarship, 
J. Comput.-Mediat. Commun. 13 (1) (2008) 210–230. 

M. Mashayekhi and M. Head                                                                                                                                                                                                                

http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0001
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0001
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0001
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0002
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0002
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0003
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0003
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0004
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0004
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0006
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0006
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0006
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0006
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0007
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0008
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0008
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0010
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0010
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0010
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0011
http://refhub.elsevier.com/S0378-7206(22)00074-X/sbref0011


Information & Management 59 (2022) 103664

12

[12] M. Burke, R. Kraut, Growing closer on Facebook: changes in tie strength through 
social network site use, in: Proceedings of the SIGCHI Conference on Human 
Factors in Computing Systems, ACM, 2014, pp. 4187–4196. 

[13] M. Burke, R. Kraut, C. Marlow, Social capital on facebook: differentiating uses and 
users, in: Proceedings of the SIGCHI Conference on Human Factors in Computing 
Systems, ACM Press, New York, New York, USA, 2011, pp. 571–580. 

[14] M. Burke, C. Marlow, T. Lento, Social network activity and social well-being, in: 
Proceedings of the SIGCHI Conference on Human Factors in Computing Systems, 
ACM, 2010, pp. 1909–1912. 

[15] Burt, R. (2012). Structural Holes [1992]. In Contemp. Sociol. Theory. 
[16] R.S. Burt, Structural holes: The social Structure of Competition, Harvard University 

Press, Cambridge, MA, 1992. 
[17] P. Campbell, Rethinking professional collaboration and agency in a post-pandemic 

era, J. Prof. Cap. Community (2020). 
[18] S. Caplan, D. Williams, N. Yee, Problematic Internet use and psychosocial well- 

being among MMO players, Comput. Human Behav. 25 (6) (2009) 1312–1319. 
[19] W. Chin, The partial least squares approach to structural equation modeling, 

Modern Methods for Business Research 295 (2) (1998) 295–336. 
[20] J. Coleman, Social capital in the creation of human capital, Am. J. Sociol. 94 

(1988) S95–S120. 
[21] J. Coleman, Foundations of Social Theory, Harvard University Press, Cambridge, 

MA, 1990. 
[22] R. De’, N. Pandey, A Pal, Impact of digital surge during Covid-19 pandemic: a 

viewpoint on research and practice, Int. J. Inf. Manage. (2020), 102171. 
[23] A.K. Dey, E. de Guzman, From awareness to connectedness, in: Proceedings of the 

SIGCHI Conference on Human Factors in Computing Systems - CHI ’06 899, 2006, 
https://doi.org/10.1145/1124772.1124905. 

[24] N. Ellison, Facebook use on campus: a social capital perspective on social network 
sites, in: ECAR Symposium, Boca Raton, FL, 2007. 

[25] N. Ellison, R. Gray, C. Lampe, A. Fiore, Social Capital and Resource Requests On 
Facebook, New Media & Society, 2014, 1461444814. 

[26] Ellison, N., Steinfield, C., & Lampe, C. (2011). Connection strategies: social capital 
implications of Facebook-enabled communication practices. New Media & Society, 
13(6), 873–892. https://doi.org/1461444810385389. 

[27] N. Ellison, J. Vitak, Social network site affordances and their relationship to social 
capital processes, in: S. Sundar (Ed.), The Handbook of Psychology of 
Communication Technology, 2015, pp. 205–227. 

[28] F. Fukuyama, Social Capital and Development: the Coming Agenda, SAIS Review 
22 (1) (2002) 23, https://doi.org/10.1353/sais.2002.0009. 

[29] D. Gefen, D. Straub, M. Boudreau, Structural equation modeling and regression: 
guidelines for research practice, Communications of the Association for 
Information Systems 4 (1) (2000). Article 7. 

[30] Globalwebindex. (2020). GWI Social Q1.2019. Retrieved from https://www.digit 
almarketingcommunity.com/researches/social-flagship-report-q1-2019/. 

[31] M. Granovetter, The strength of weak ties, Am. J. Sociol. 78 (6) (1973) 1360–1380. 
[32] R. Grieve, M. Indian, K. Witteveen, G. Tolan, J. Marrington, Face-to-face or 

Facebook: can social connectedness be derived online? Comput. Human Behav. 29 
(3) (2013) 604–609. 

[33] R. Grieve, N. Kemp, Individual differences predicting social connectedness derived 
from Facebook: some unexpected findings, Comput. Human Behav. 51 (1) (2015) 
239–243. 

[34] Hair, J.F., Hult, G.T.M., Ringle, C., & Sarstedt, M. (2016). A primer on partial least 
squares structural equation modeling (PLS-SEM). 

[35] D. Halpern, J. Gibbs, Social media as a catalyst for online deliberation? Exploring 
the affordances of Facebook and YouTube for political expression, Comput. Human 
Behav. 29 (3) (2013) 115. 

[36] M.H. Hansen, B. Yu, Model selection and the principle of minimum description 
length, J. Am. Stat. Assoc. 96 (454) (2001) 746–774. 

[37] J. Henseler, C.M. Ringle, M. Sarstedt, A new criterion for assessing discriminant 
validity in variance-based structural equation modeling, Journal of the Academy of 
Marketing Science 43 (1) (2015) 115–135, https://doi.org/10.1007/s11747-014- 
0403-8. 

[38] Hootsuite. (2020). The Global State of Digital in 2019 Report. Retrieved from https:// 
hootsuite.com/pages/digital-in-2019. 

[39] S. Horng, C. Wu, How behaviors on social network sites and online social capital 
influence social commerce intentions, Information & Management (2019) 13. 

[40] G. Kane, M. Alavi, G. Labianca, What’s different about social media networks? A 
framework and research agenda, MIS Q. 38 (1) (2014) 275–304. 

[41] Kapoor, K.K., Tamilmani, K., Rana, N.P., Patil, P., Dwivedi, Y.K., & Nerur, S. 
(2018). Advances in Social Media Research: past, Present and Future. Information 
Systems Frontiers, 20(3), 531–558. https://doi.org/10.1007/S10796-017-9810-Y. 

[42] E. Karahanna, S.X. Xu, Y. Xu, N. Zhang, The needs-affordances-features perspective 
for the use of social media, MIS Quarterly: Management Information Systems 42 
(3) (2018) 737–756, https://doi.org/10.25300/MISQ/2018/11492. 

[43] I. Kawachi, S. Subramanian, D. Kim, Social capital and health. Social Capital and 
Health, Springer, New York, 2008, pp. 1–26. 

[44] Khan, M.L. (2017). Social media engagement: what motivates user participation 
and consumption on YouTube?Comput. Human Behav., 66, 236–247. https://doi. 
org/10.1016/J.CHB.2016.09.024. 

[45] J.H. Kietzmann, K. Hermkens, I.P. McCarthy, B.S. Silvestre, Social media? Get 
serious! Understanding the functional building blocks of social media, Bus. Horiz. 
54 (3) (2011) 241–251. 
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